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Introduction

Audio Waveform Prompt Tuning for Audio-Language Models (ALMs)
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v’ Efficient few-shot adaptation of frozen ALMs by learning lightweight
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Learnable Prompt Class Prompt Embeddings often fails to generalize to new (unseen) classes,
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Prompt Tuning in ALMs known as the Base-to-New Tradeoff (BNT)
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" onening steps » Acoustically and semantically related sound concepts drift apart
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gl v’ Sparse audio label spaces provide weak semantic support, causing
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Proposed Method

Audio Waveform
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v' Margin Constraint
» Margins from the pretrained text space preserve the original semantic geometry

« Avoids over-compressing positives and over-separating negatives Cross-dataset Evaluation Ablation study
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v Efficient: improves generalization without increasing inference cost



